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SEGMENTATION  
Know every user in 

real-time

MARKETING  
A personal conversation 

with every user

OPTIMIZE  
Know the best user 

interactions

ANALYTICS  
Know how your 
app is growing

Know and personally interact with every user.



External Ad

INSTALL

USE / Play

Segment / Score

In-app Target

Cross Promotion
Appstore Listing
Mobile Web Ad
Facebook Ad
Search
Android pre-install
Facebook feed
Google+ Posts

ACTION

Purchase
Register
Share Link
Invite
Click Ad
Accept offer

Re-target

Push
Email
Viral Invite
Network Ad

$

$



Choose, for each user, the action that will have  
the most likely maximum positive response



Bounced -  
1 app open

9th purchase 
LTV: $109

First app 
open

Kate has not been 
seen in >45 days

LIFECYCLE MARKETING



BOUNCED

ENGAGED

NEW

DISAPPEARING



ON-BOARD NURTURE RETAIN

LIFECYCLE 
 MARKETING 

Interact 
personally with 

every user



NEW EVALUATING REGISTERED

ENGAGEDLAPSING

CHURNED

LOYAL

BOUNCED



LAPSING = Has used app more than 5 times but is inactive for more than 7 days5 times 7 days



Survival Analysis



Survival Analysis



But we have data…



1st
Login Spend #Sess Day-1 Day-5 #Pals

Select Features

1st
Login

Spend #Sess Day-1 Day-5 #Pals



Supervised Learning

Classifier

C

OK

OK

C
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Users

Features Goal

1st
Login

Spend #Sess Day-1 Day-5 #Pals

1st
Login

Spend #Sess Day-1 Day-5 #Pals

1st
Login

Spend #Sess Day-1 Day-5 #Pals

1st
Login

Spend #Sess Day-1 Day-5 #Pals

1st
Login

Spend #Sess Day-1 Day-5 #Pals



new user

Classify

1st
Login

Spend #Sess Day-1 Day-5 #Pals

Classifier

0.1

Score

Classifier



Score / 
Propensity

Rank User

Sort users on score

0.1

10th Decile

Rank

0.0 1.0
Score / Propensity



Target with a marketing 
action

Users sorted by propensity to churn

propensity to churn 50%

0.0

1.0



Algorithms

Regression Support Vector Machines Decision Trees



~seconds ~ms

Real-time actions



AUC = 0.93

Churn prediction



will churn anywaywill purchase anyway

offer 
discount

regret

churn?purchase?



Impact of offer

-11%  
Churn

+18%  
Sessions
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